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Parameters

Natural multisets:
e Collection of objects with allowed repetitions.
e Constituted of a universe and of a multiplicity function on this

universe o [ - - We use a force directed algorithm
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HyperBag-graphs (Hb-graphs): _ .. - Works well on small graphs
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e Allow duplication of elements Y .
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e Natural hb-graphs: use natural multisets

- Facet: Authors

Current search: hypergraph

In a Scientific Publication Database: —— N
e Metadata store information on the structure of the DataBase i B | e

e Metadata have types, that can be used either as dimension or Sy

as reference

e Data instances attached to one type of metadata can be re-
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grouped by using a reference => we talk about co-occurences by Xovier Ot R s

e Co-occurences are n-adic relationships. S 1

e Co-occurences are multisets, often reduced to sets. Carousel view of the information space N s
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org 5 The Hb-graph DataEdron:
ﬁ switching between the different facets of the information space

Choosing as reference keywords, we retrieve family of multisets
of organisations, called a hb-graph
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e Wikipedia information (for keywords)
e DuckDuckGo deambiguation and abstract...
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Represented by a bundled extra-node multipartite graph repre-
sentation: How can we perform search?

e [raditional text field search

e [hen queries can be built visually

e AND, OR, NOT possibilities

e [he graph of search can be explored

e Possibility of merging different searches on a single graph

What are the research challenges solved?
e Modeling requires a strong framework

- Particularly the switching of references is challenging
l e Scaling up representations (for some applications):

- Requires to fasten the computation

- Only appropriated for some applications
e Finding important part of the representations:

- A diffusion process has been proposed that allows to retrieve
circuit information on vertices and hb-edges.

Current search: hypergraph

Performed searches

graph (circuit AND graph)
Which can be reduced as a hypergraph: (graph AND 3D) What the future work is?
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