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Searching on a Scientific Publication Database Which database can we search on?
e Arxiv
.. but can be applied to any databases.
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A general natural hb-graph:
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e Metadata store information on the structure of the DataBase Toggling to the Datatdron =

e Metadata have types, that can be used either as dimension or L ——
as reference

e Data instances attached to one type of metadata can be re-
grouped by using a reference => we talk about co-occurences
e Co-occurences are n-adic relationships.

e Co-occurences are multisets, often reduced to sets.
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that we can visualize with an extra-node representation: Facet: Arxiv Categories
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{Pub A}
{Pub C} The Hb-graph DataEdron:
Pub B} switching between the different facets of the information space
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Reference: , Facet: e DuckDuckGo deambiguation and abstract.. ences
scene reconstruction {{Org 1", Org 21}}

How can we perform search?
e Traditional text field search

computer viston {{Ol’g11,0r921, Org el Org 41}}
augmented reality {{Org 2" Org 3%, Org 4%, Org 1]
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{ Org 2',0rg 32 Org 4!, 0rg 5 »} e [hen queries can be built visually using vertices of the hb-graphs
J e AND, OR, NOT possibilities What are the research challenges solved:
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e Finding important part of the representations:

- A diffusion process has been proposed that allows to retrieve
information on vertices and hb-edges.
circuit - Weighted aggregation ranking

@ @ graph (circuit AND graph)

_(graph AND 3D)

Current search: hypergraph
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{*computer vision”
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Performed searches

{"augmented reality”}

What the future work is?
e Find an efficient recommandation system based on the browsing
experience of the user

Which can be reduced as a hypergraph: _ _ _
e Data linkage of multiple queries provenance

org 5 (3D A Bhypergrap@D AND image) e Having more insights require fast extraction of information from
.
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Caugmented reality”, 3D} e Find full details on Arxiv:1905.11695 and more on:
{'scene reconstruction’} A http://www.infos-informatique.net
@ @ .l. e Contact info:
Org 2 e Recomputing facets xavier.ouvrard@cern.ch
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